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ABSTRACT 

The study examined the impact of business analytics on market adaptation in the eCommerce industry in 

Nigeria. Using purposive sampling and random sampling techniques, a sample of 40 respondents from 

various eCommerce organizations was taken. The data collected were analyzed using the quantitative 

approach. Precisely, both correlation and ordinal regression analyses were applied. The result from the 

study shows that the most important aspect of business analytics that can have a significant impact on 

market adaptation is the area of data analysis and application of the result to decision-making in the 

organization. The study recommends the application of business analytics to eCommerce businesses if 

they want to improve their market adaptation. 
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1. Introduction  

Today’s business environment is highly competitive and is rapidly changing due to the 

dynamics around the expectations of customers and many more (A. Singh & Pawale, 2020). 

One of the challenges created by today’s business environment is the satisfaction of customers 

as their taste is changing rapidly. Consequently, businesses across the globe especially those in 

the eCommerce industry need to be abreast of changes in the environment to create adaptation 

in their marketing strategy that can enable them to meet the dynamic nature of customers' 

demands. 

 However, the reality nowadays is that many organizations across the globe have been out of 

business due to a lack of competitive strength because they cannot embrace the required market 

adaptation (Levinthal, 1991). One of the most important ways identified in the literature as a 

means of coping with dynamic customers satisfaction is the constant analysis of the business 

environment this includes the collection and analysis of data on various variables such as 

customers’ demands, customers satisfaction, sales, product, sources of finance, competitors 

strength and weaknesses among others. This process is referred to as business analytics (Vitari 

& Raguseo, 2020). 

In addition, one of the challenges often witnessed by the eCommerce industry which is the 

focus of this study is that it remains one of the most vulnerable industries to business 

environment dynamics. Changes in technological development and applications remain an 

important factor confronting organizations in the eCommerce industry (Pappas et al., 2018). 

An innovation today might become obsolete tomorrow and the ability of the business to 

embrace business policies that are less rigid and that are easily amenable to changes is believed 
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to remain sacrosanct in the development of an appropriate market adaptation strategy that can 

ensure sustainable and improved performance of businesses (Chaudhuri et al., 2021). 

Consequently, this study hopes to explore the impact of business analytics on market adaptation 

in the eCommerce industry to provide more insight into ways by which e-commerce 

organizations can leverage business analytics to aid the adaptability of their marketing 

strategies in the ever-increasing dynamics existing in businesses in the world. This is done in 

this paper by providing answers to the following research question. 

1.1. Research Question 

What is the impact of business analytics on market adaptation? 

1.2. The objective of the Study 

The main objective of the study is to investigate the effect of business analytics on market 

adaptation.  

1.3. Significance of the Study 

The increase in competition among business organizations today and the rise in the mortality 

rate of businesses especially new ones have called for research into why these businesses lack 

competing powers that have led to their exit from their various industries at early ages. 

However, literature has established that inability of many businesses to adapt their marketing 

strategies to suit the ever-dynamic business environment has contributed largely to this 

problem. Consequently, efforts have recently been geared toward research on how this menace 

can be tackled. This study provides an insight empirically on the relationship between business 

analytics and market adaptation to prove answers to the extent of influence business analytics 

can have on market adaptation. This will go a long way to provide solutions to the problem of 

business mortality due to a lack of market adaptation strategy that can sustain their businesses. 

The other key sections of the paper include literature review, methodology, results, discussion, 

conclusion, and recommendations. 

2. Literature Review 

2.1. Business Analytics  

Business Analytics is the leverage of technology in processing business data for generating 

insightful results for making strategic business decisions (Fosso Wamba et al., 2015; Gao, 

2021; Yin & Fernandez, 2020) defines business analytics as deep utilisation of data and 

application of statistical methods that produces factual results for decision making. Business 

analytics presents a comprehensive method to managing, process, and analyzing data for 

actionable insights (Fosso Wamba et al., 2015) and to help organizations proactiveness towards 

changes based on market requirements (Işik et al., 2013; Rahmah et al., 2020). BA is known 

as a competitive differentiator (Jeble et al., 2018), and (Nalchigar & Yu, 2020) opined that the 

development of data analytics as a new type of information system has proven to be 

complicated and challenging. Yahya-Imam & Aranuwa, 2020 opined that trend in technology 

has evolved and data is the new path to generating insights. Deep knowledge of big data is key 

to help in concluding information (Sharma et al., 2019; Yahya-Imam & Aranuwa, 2020) 

Business analytics has shown potential for significant synergies and opportunities for business-

wide application and to forge a data-driven business model (G. Hindle et al., 2020). Some 



 

 

Daodu et al, 2022  FBA, Vol. 1, No. 1, 23-40 

25 

studies have shown that there are benefits for businesses that adopt business analytics over 

those that do not (Bradberry et al., 2017; Jahan et al., 2021) while some researchers opined that 

many businesses are still trying to identify how to adapt and harness the benefits in business 

analytics. (Duan et al., 2020; Kiron et al., 2012; Tim et al., 2020). Studies so far show that BA 

seems to have significant impact in business, but understanding how BA investments create 

business value has been quite limited (Krishnamoorthi & Mathew, 2018).  

The BA tool has evolved over the years and has become a consideration for many uses, 

particularly from the quantum and dynamics of data involved (G. Hindle et al., 2020). These 

large data interactions help the process of modeling descriptive, predictive, and prescriptive 

outcomes that help to align purpose with strategy and define the business value that assures 

business sustainability in a challenging business environment (Balog, 2019; G. A. Hindle & 

Vidgen, 2018). De Luca et al., 2020) argued that big data technologies improved business 

outcomes, but the full benefits is yet to be harnessed. Affordances in technology aid result-

driven capabilities (De Luca et al., 2020; George & Lin, 2017; Volkoff & Strong, 2017). 

George & Lin, 2017) posited that evolution of big data is leading organizations to integrate 

technology into their processes for improved business results. Business adaptation and 

evolution has been aided by the leverage of these technology tools and their unique capabilities 

(Schildt, 2017). Business analytics has shown potential for significant synergies and 

opportunities for business-wide application and to forge a data-driven business model (G. 

Hindle et al., 2020). These numerous benefits from the adoption of business analytics provide 

support for understanding and fulfilling the objectives of this study which intends to assess the 

impact of using business analytics as a tool for driving market adaptation and establishing if 

there are differential results in the adoption of business analytics on market share. 

Consequently, fully integrated business analytics, product management, and market adaptation 

capabilities are insufficient in the homegrown industry, and these are necessary to drive 

innovative outcomes and sustainability. Similarly, a correlation exist between changing market 

demand and market adaptation (Dombrowski et al., 2014); Yahya-Imam & Aranuwa, 2020) 

Recent studies have established that several organizations have adopted the use of BA, 

however, the record of successes from implementation across these organizations have been 

very few (Duan et al., 2020; S. Singh et al., 2020). These views point to the need for additional 

research that could help understand the requirements for achieving success with business 

analytics adoption. 

2.2. Market Adaptation  

The reality of today's business environment, particularly that of e-commerce businesses, has 

shown a need to re-evaluate their business model based on the impact of the Covid-19 

pandemic (Srinivas et al., 2020; Staegemann et al., 2020; Vidgen et al., 2020) including 

upgrading or re-aligning their digital infrastructure capabilities so they can be better efficient 

and be more flexible in adapting to the business environment and market changes. (Cirera & 

Muzi, 2020; Ekka, 2020; Seetharaman, 2020; Tim et al., 2020) in their work conclude that the 

survival of businesses in an era of global volatility and uncertainty heavily depends on 

adaptation capabilities and mechanisms that enable them to define appropriate responses to 

achieve market stability with zero, less, or minimal impact from the changes in the market. 

Market adaptation defines as an innovative approach that follows a robust delivery framework 

in delivering sustained value to customers while achieving positive market adaptation 

outcomes and remaining competitive (Fosso Wamba et al., 2020; Quang Trung et al., 2019; 

Shamim et al., 2020). Pollák et al., 2021 posited a dual assumption of innovation and 

continuous change in the market as two basic and critical functions of business and areas where 

capabilities need to be developed in addressing market adaptation strategies. Deploying the 
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right e-business tool and effective data gathering will support the development of insightful 

information about the market and enhance gaining competitive advantages (Muthukumar, 

2020; Pollák et al., 2021). Organizations are often limited by the sophistication and 

adaptiveness of their technology infrastructure, and they struggle to respond effectively or 

adapt to the changes in their external environment, particularly customers and product fit 

(Vitari & Raguseo, 2020). Customer satisfaction is an essential consideration in market 

adaptation, and a measure of how goods and services meet the expectations of the customers 

or users (Vitari & Raguseo, 2020), hence customer satisfaction is a major mediating variable 

in achieving market adaptation results. In the study by Chatterjee et al., 2021, he found out that 

data and tools acquisition propels the successes associated with the adoption of business 

analytics in driving business value and improving the performance of the organization. His 

findings showed further correlation and complementarity between the acquisition of business 

analytics capabilities and business process performance.  

The leverage placed on data science and information technology and the adoption of analytics 

capabilities by organizations has helped them improve their understanding of and relationship 

with the external market and realized the advantages of insightful decision making, how to 

adapt to the market and environmental challenges, business growth, and sustainability (Barlette 

& Baillette, 2020; Sharma et al., 2019). Organizations must be strategic in defining their 

business model and ensure that such business model has resilient and adaptable capabilities to 

maintain its presence and continuity in the market to foster continuous competitive advantage 

in the market (Baden-Fuller & Teece, 2020; Rahmasari & Syafitri, 2018). Such a resilient 

business model will allow the organization to remain aligned with evolutions in the industry 

and business environment and provide a tool for enabling market leadership and data-driven 

performance (Ramadan et al., 2020). Organizations now look at developing dynamic service 

analytics on the back of their data analytics capabilities to gather intelligence and explore and 

transform their service systems through innovative upgrades and adaptation in alignment with 

market requirements (Baden-Fuller & Teece, 2020). It is important to develop a resilient and 

dynamic data analytics technique that extracts dynamic data about the dynamic business 

environment that ensures an appropriate response for superior performance (Akter, Motamarri, 

et al., 2020). Existing literature gives credence to how service adaptation enhances trust 

relationship sustainability between the organization and its customers (Motamarri et al., 2017; 

Mou et al., 2020) because services have become a major form of business exchange or trade 

globally and information from data analytics makes the services system more robust, smarter 

and resilient to enhance dynamic adaptation, knowledge, and decision making under 

uncertainty (Akter, Gunasekaran, et al., 2020) Business analytics has been tested to improve 

customer information gathering, reduce customer acquisition costs, enhance product 

customization and improve the overall experience of the customers (Chen & Cheng, 2009; 

Dubey et al., 2016; Hoang et al., 2021; Wu et al., 2020). Côrte-Real et al., 2017; Helfat & 

Peteraf, 2009 recommended that organizations should embrace dynamic capability nature to 

be better prepared for changes in the environment and achieve competitive advantage. This 

capability will further be strengthened by the robustness of the analytics capabilities available 

internally (Akter, Gunasekaran, et al., 2020; De Luca et al., 2020) Within the e-commerce 

ecosystem, the adoption and use of business analytics have increased in recent decades (Gao, 

2021), but there are theoretical and practical gaps in the existing research that requires 

expanded development (Gao, 2021; Odularu, 2020; Sun et al., 2018). Business analytics 

supports e-commerce businesses with better ways of data collection, processing, and 

management and more focused use of data and insights to improve customer acquisition, 

understand the behavior and sentiments of customers, pursue an effective product management 

effort, including product innovation and drive an effective market adaptation agenda (Enyinna 

& C, 2020; Gao, 2021; Olagunju et al., 2020). Based on existing literature and studies, it is 
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evident that market leadership, competitiveness, and sustainability are among the outcomes 

when a business effectively and positively adapts to market changes. These help to fulfill the 

objectives of this study and provide contexts for the research questions and hypotheses. 

2.3. Gaps in the Literature 

Exploration of existing literature on this study shows that past studies are much more concerned 

with the impact of business analytics on the performance of an organization rather than market 

adaptation (Chatterjee et al., 2021) Others are concerned with the effect of business analytics 

on product innovation (Chaudhuri et al., 2021) among others. It appears that none of the 

existing literature focused on the effect of business analytics on market adaptation. On the 

other, market adaptation also enjoys less patronage from researchers few studies that the study 

explores focus on foreign market adaption while others are concerned with marketing 

environment or strategies. Based on the foregoing this study appears to be making original 

contributions to literature in this area. 

2.4. Theoretical Literature  

Dynamic capability (DC) theory Dynamic capability posits that dynamic capability help 

businesses to align with the reality of internal and external conditions and sustain 

competitiveness (Helfat & Peteraf, 2009). Recent, many businesses have leveraged the RBV 

for improved business outcomes (Côrte-Real et al., 2017). The RBV and its gaps has fostered 

usage of other theories like DC and KBV. DC supports the KBV (Newey & Zahra, 2009). 

Numerous emerging studies support the DC model and its importance as an enabler for 

business success (Duan et al., 2020). Dynamic capabilities connects information processing 

with organisation enablers and resources (Côrte-Real et al., 2017).  

3. Methodology 

This aspect of the study discusses the research method employed to achieve the objectives of 

the study.  

3.1. Research Design 

The study collects primary data from the target respondents using a questionnaire. Quantitative 

analysis is used to analyze the data and they are interpreted and discussed. This forms the bases 

of inferences.  

3.2. The Population of the Study 

The study focuses on businesses in the eCommerce industry in Nigeria. It is worth noting that 

there are no available statistics on the number of entrepreneurs that are in the eCommerce 

industry in Nigeria.  

3.3. Samling and Sampling Techniques 

A multistage sampling technique is adopted by the study. This comprises the usage of both 

probability and nonprobability sampling techniques The Purposive sampling technique was 

initially adopted to select 40 businesses that are in the eCommerce industry in the Lagos area 

of Nigeria (Akpa, Victoria O. et al., 2021). The second stage of the sampling technique 

embraced random sampling techniques which enable the random representation of the 
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businesses so that all of them will not be on the same line of businesses in that wise, equal 

probability was given to the respondents for being selected to partake in the survey. Generally, 

the 40 respondents were randomly selected from various companies so that their responses will 

not be lopsided.  

3.4. Method of Data Collection 

The major approach to the collection of data for the study is through a well-structured 

questionnaire. The survey instrument is divided into three main parts. Part A contains questions 

on bio-data and demographic information of respondents, Part B includes questions on business 

analytics, and Part C contains questions on market adaptation. Apart from the biodata which 

used categorical responses, other responses on the remaining part of the questionnaire used the 

five-point Likert scale.  

3.5. Validity and Reliability of the Research Instrument  

Both the validity and reliability tests were carried out on the survey tool. The Cronbach Alpha 

test was used for the reliability test which shows a value of 0.74. The validity test used the 

KMO Bartlet test which gave a value of 0.64. The two values indicate that the survey tool 

measured what was expected and they also consistently measured them. 

3.6. Method of Data Analysis 

In the work of Chatterjee et al., 2021 who studied the role of business analytics in 

organizational performance, five salient features of business analytics were identified this is 

data and information collection on customers and services, Data and information analysis, 

Utilization of data analyzed for future planning, Policy and decision making following the 

results of the data analysis, Management of analyzed data for marketing, product development, 

and management, sales, finance, people and process, supply chain, for actionable insights. 

Consequently, the components of business analytics are divided into five namely; Data 

collection (DC), Data analysis (DA), data analysis results utilization (DARU), Data analysis 

result application for decision making (DARADM), and Data analysis results management 

(DARM)  

A model describing the relationship between business analytics and market adaptation is 

expressed thus  

𝑀𝐴 = 𝑓(𝐵𝐴)            (1) 

Where MA is market Adaptation and BA in Business and Analytics. Equation (1) shows that 

Market adaptation depends on business analytics. It should be noted that from the initial 

discussion business analytics has been divided into 5 major areas. Consequently, equation (1) 

can be simplified further as  

𝑀𝐴 = 𝑓(𝐷𝐶, 𝐷𝐴, 𝐷𝐴𝑅𝑈, 𝐷𝐴𝑅𝐴𝐷𝑀,𝐷𝐴𝑅𝑀)       (2) 

 Equation 1 is expressed in linear regression form as follows 

𝑀𝐴 = 𝛼0 + 𝛼1𝐷𝐶 + 𝛼2𝐷𝐴 + 𝛼3𝐷𝐴𝑅𝑈 + 𝛼4𝐷𝐴𝑅𝐴𝐷𝑀 + 𝛼5𝐷𝐴𝑅𝑀 + 𝜇    (3) 

All variables are as defined above in the previous discussion. 𝜇 is the error term capturing the 

stochastic variable. 
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3.7. Estimation Technique 

Quantitative analysis is embraced for the estimation of the equation. Particularly multiple 

regression approach is applied. Before the application, some initial pre-estimation tests were 

carried out. This includes the factors analysis and the normality test. The normality test is 

necessary to determine the type of regression applied since this study uses primary data. After 

the normality test, it was discovered that instead of linear regression, ordinal regression analysis 

is more suitable for the estimation of the regression model and the results of both the test and 

the regression are presented and interpreted in the next section of the paper. 

4. Results and Discussion 

This aspect of the paper discusses the empirical result. It starts with the descriptive statistics of 

the bio-data information of the respondents. 

4.1. Biodata Analysis of Respondents 

A total of 40 respondents are included in the survey and the major features of these respondents 

demographically are analyzed as follows. 

Table 1. 

Education qualification distribution 

Education Frequency Percent Valid Percent Cumulative Percent 

HND 1 2.5 2.5 2.5 

Graduate Degree 27 67.5 67.5 70.0 

Post-Graduate Degree 12 30.0 30.0 100.0 

Total 40 100.0 100.0  

Source: Authors computation, 2022  

Results presented in Table 1 shows that the majority of the respondents are highly educated at 

least about 67.5% of them are university graduate. In addition, nearly 30% also have 

postgraduate qualifications. The implication of this is that the respondents are well educated to 

understand the questions in the research instrument and provide the needed answers to them. 
 

Table 2. 

Years in service distribution 

 Frequency Percent Valid Percent Cumulative Percent 

Less than 1 year 12 30.0 30.0 30.0 

1-3 years 17 42.5 42.5 72.5 

4-6 years 8 20.0 20.0 92.5 

Above 10 years 3 7.5 7.5 100.0 

Total 40 100.0 100.0  

Source: Authors computation, 2022  

Table 2 indicated that the respondents have relatively long years of experience in their 

respective organizations. More than 40% of them have spent around 3 years while 20% have 

spent about 8 years. Some have even spent more than 10 years. The length of experience is 

important for the questions included in the research instrument. 
 

Table 3. 

Gender distribution 

 Frequency Percent Valid Percent Cumulative Percent 

Female 11 27.5 27.5 27.5 

Male 29 72.5 72.5 100.0 

Total 40 100.0 100.0  

Source: Authors computation, 2022 
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The percentage of males in the respondents' distribution is more than that of females. It is about 

70% of the population. This might not be unconnected to the fact that the online trading 

business is male dominant profession across the globe (Rodgers & Harris, 2003). The same 

situation is playing out in this study. 

Table 4. 

Number of Employees  

 Frequency Percent Valid Percent Cumulative Percent 

Less than 100 28 70.0 70.0 70.0 

100-499 4 10.0 10.0 80.0 

500-999 1 2.5 2.5 82.5 

1,000 -1,999 3 7.5 7.5 90.0 

2,000 - 2,999 2 5.0 5.0 95.0 

3,000 - 3,999 1 2.5 2.5 97.5 

4,000 - 4,999 1 2.5 2.5 100.0 

Total 40 100.0 100.0  

Source: Authors computation, 2022 

The results in Table 4 show that many organizations with a workforce of less than 100. it shows 

that the idea that e-commerce business is more capital intensive than labor intensive still holds 

sway in this study as well. More than 70% have a workforce that is less than 100. Very few 

organizations have employees in their thousands.  

Table 5. 

Nature of Ownership 

 Frequency Percent Valid Percent Cumulative Percent 

100% Homegrown 22 55.0 55.0 55.0 

Majorly Homegrown 9 22.5 22.5 77.5 

100% Foreign 4 10.0 10.0 87.5 

Majorly Foreign 5 12.5 12.5 100.0 

Total 40 100.0 100.0  

Source: Authors computation, 2022 

The belief that the eCommerce business in a foreign company dominated in Nigeria is refuted 

going by the result presented in Table 5. Results from the descriptive statistics of the ownership 

structure of the organizations show that about 55% of the respondents are with 100% 

homegrown ownership organizations. Notwithstanding, about 23% have co-ownership with 

foreign investors. Very few of the organizations covered in the study have foreign ownership. 

4.2. Other Attributes of the Organizations Involved in the Survey 

Utilities and technology dominated the product line of the organization included in the study. 

Nearly 24% of the organization are into technological base product line notwithstanding both 

Fintech and utilities are also very common among the product line of the organizations. Office 

products are also included in the core business occupying about 11.5% of the total population 

of the organizations covered by the study. 
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Figure 1. Core Business 
Source: Authors computation, 2022 

Since the focus of this study is examining the effect of Business analytics on the market 

adaption of the organizations, the nature of the tool used for carrying out business analytics is 

investigated and the result is in Figure 2. The result shows that in the majority of the 

organizations, about 70% of them use google analytics for their eCommerce business. This 

further attests to the dominance of google tools in the eCommerce industry across the globe 

(Gaur et al., 2016). 

 

Figure 2. Business Analytics tool used 
Source: Authors computation, 2022 

4.3. Analysis of the Impact of Business Analytics on Market Adaptation  

The main objective of the study is subjected to empirical analysis under this sub-section of the 

study. From the methodology, it was stated that some pre-estimation tests were carried out 

before the analysis.  

4.4. Factor Analysis (Examining the Validity and Sphericity of the Research Instrument) 

The validity in terms of sampling adequacy and sphericity are tested and the results are 

presented in Table 6. 
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Table 6. 

KMO and Bartlett's Test 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .648 

Bartlett's Test of Sphericity Approx. Chi-Square 103.880 

Df 15 

Sig. .000 

Source: Authors computation, 2022 

The test shown in Table 6 explains the sampling adequacy and the KMO statistics give 0.648. 

This figure is an indication that the sample is adequate to examine the effect of business 

analytics on the market adaption of the organizations. In terms of sphericity as well the chi-

square value is 103.880 which is okay and is also statistically significant thus indicating that 

the sampling and the research instrument are in good order for usage in the analysis. 

Table 7. 

Normality test 

 Kolmogorov-Smirnova Shapiro-Wilk 

Variables Statistic df Sig. Statistic df Sig. 

Data collection DC .275 40 .000 .726 40 .000 

Data Analysis DA .389 40 .000 .730 40 .000 

data analysis results utilization 

(DARU) 

.369 40 .000 .755 40 .000 

Data analysis result application for 

decision making (DARADM) 

.300 40 .000 .761 40 .000 

Data analysis results management 

(DARM) 

.346 40 .000 .755 40 .000 

Market Adaptation (MA) .263 40 .000 .795 40 .000 

a. Lilliefors Significance Correction     

Source: Authors computation, 2022 

Results in Table 7 show that all the variables have significant statistics in terms of both 

Kolmogorov-Smirnova and Shapiro-Wilk tests. The implication is that the ordinal regression 

approach will be more suitable for the analysis than linear regression and also for the 

correlation, spearman rank correlation is preferred to the product-moment correlation 

coefficient. Since the sample size is below 100, the Shapiro-Wilk test results are more 

appropriate to be used in the study although they both give the same result. 

Table 8. 

Correlation result 

Correlations 

  Data 

collection 

DC 

 

Data 

Analysis 

DA 

 

data 

analysis 

results 

utilization 

(DARU) 

Data analysis 

result 

application 

for decision 

making 

(DARADM) 

Data analysis 

results 

management 

(DARM) 

 

MA 

Data 

collection 

DC 

Pearson 

Correlation 
1 .116 -.082 .098 -.291 .279 

Sig. (2-

tailed) 
 .475 .616 .546 .069 .081 

N 40 40 40 40 40 40 

Data 

Analysis DA 

Pearson 

Correlation 
.116 1 .743** .491** .381* .469** 

Sig. (2-

tailed) 
.475  .000 .001 .015 .002 

N 40 40 40 40 40 40 
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Correlations 

  Data 

collection 

DC 

 

Data 

Analysis 

DA 

 

data 

analysis 

results 

utilization 

(DARU) 

Data analysis 

result 

application 

for decision 

making 

(DARADM) 

Data analysis 

results 

management 

(DARM) 

 

MA 

data analysis 

results 

utilization 

(DARU) 

Pearson 

Correlation 
-.082 .743** 1 .401* .486** .262 

Sig. (2-

tailed) 
.616 .000  .010 .001 .103 

N 40 40 40 40 40 40 

Data analysis 

result 

application 

for decision 

making 

(DARADM) 

Pearson 

Correlation 
.098 .491** .401* 1 .664** .673** 

Sig. (2-

tailed) 
.546 .001 .010  .000 .000 

N 40 40 40 40 40 40 

Data analysis 

results 

management 

(DARM) 

Pearson 

Correlation 
-.291 .381* .486** .664** 1 .362* 

Sig. (2-

tailed) 
.069 .015 .001 .000  .022 

N 40 40 40 40 40 40 

Market 

Adaptation 

(MA) 

Pearson 

Correlation 
.279 .469** .262 .673** .362* 1 

Sig. (2-

tailed) 
.081 .002 .103 .000 .022  

N 40 40 40 40 40 40 

**. Correlation is significant at the 

0.01 level (2-tailed). 

     

*. Correlation is significant at the 0.05 

level (2-tailed). 

     

Source: Authors computation, 2022 

The result of the correlation analysis shown in Table 8 is an indication that market adaptation 

shared some positive and significant correlations with some components of business analytics. 

For example, there is a strong positive correlation between data analysis and market adaptation, 

also the same strong and positive correlation is between data analysis results application for 

decision making and market adaptation. The correlation coefficients of the two are 0.469 and 

0.673. Both are significant at the 1% level. Similarly, data analysis result management with a 

correlation coefficient of 0,362 also has a significant correlation with market adaptation at a 

5% level. The implication is that out of the four components of business analytics three of them 

shared a positive and significant correlation with market adaptation. 

4.5. Ordinal Regression Analysis 

The impact of business analytics is examined using ordinal regression and the steps used and 

the results are presented and discussed as follows. 

 
Table 10. 

Model Fitting Information 

Model -2 Log Likelihood Chi-Square Df Sig. 

Intercept Only 132.538    

Final 102.193 30.345 5 .000 

Link function: Logit.    

Source: Authors computation, 2022 
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The null hypothesis in the model fitting information test is that the data does not fit the model 

estimated. The result in Table 10 has shown the model is statistically significant at 1% thus 

showing that the null hypothesis is rejected and it is concluded that the data fits the estimated 

model very well. Therefore it is suitable for inferences. 

 
Table 11. 

Goodness of Fit 

Goodness-of-Fit 

 Chi-Square Df Sig. 

Pearson 1177.928 191 .098 

Deviance 98.121 191 1.000 

Link function: Logit.  

Source: Authors computation, 2022 

The null hypothesis under the goodness of fit is stated in a reverse from different from the 

model fitting information. Consequently, for the model to have a good fitting it is expected 

that both the Pearson and Deviance chi-square are not statistically significant. This is the 

situation in Table 11. Therefore the goodness of fit of the estimated ordinal regression model 

is in order and appropriate for inferences. 
 

Table 12. 

Pseudo R square 

Pseudo R-Square 

Cox and Snell .532 

Nagelkerke .647 

McFadden .214 

Link function: Logit. 

Source: Authors computation, 2022 

Just like the normal R square in linear regression, the pseudo R square of the ordinal regression 

explains the systemic variation in the dependent variable that is explained by the independent 

variables. The focus here is the Nagelkerke value which is 0.647. This value implies that 

business analytics explains about 64.7% variation in market adaptation. This is a strong 

coefficient of determination because it shows that business analytics explains market 

adaptation very well.  
  
Table 13. 

Ordinal regression result 

Parameter Estimates 

  Estimate Std. 

Error 

Wald df Sig. 95% Confidence Interval 

  Lower Bound Upper Bound 

Threshold 

[MA = 1.00] 7.039 2.574 7.478 1 .006 1.994 12.084 

[MA = 1.50] 8.853 2.738 10.459 1 .001 3.488 14.219 

[MA = 2.00] 9.352 2.771 11.389 1 .001 3.921 14.783 

[MA = 3.00] 10.283 2.838 13.125 1 .000 4.720 15.846 

[MA = 3.50] 10.714 2.869 13.949 1 .000 5.092 16.337 

[MA = 4.00] 12.150 2.975 16.678 1 .000 6.319 17.981 

[MA = 4.50] 14.128 3.161 19.975 1 .000 7.933 20.324 

Location 

DC .686 .382 3.235 1 .072 -.062 1.434 

DA .191 .012 .194 1 .049 -.657 1.038 

(DARU) -.371 .441 .708 1 .400 -1.235 .493 

DARADM 1.660 .498 11.100 1 .001 .684 2.637 

DARM .804 .528 2.317 1 .128 -.231 1.839 

Link function: Logit.       

Source: Authors computation, 2022 
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The regression result presented in Table 13 shows two areas where business analytics have a 

significant impact on market adaptation. Firstly, the coefficient of data analysis DA is 0.191 

the probability significance is 0.49. This is an indication that data analysis has a significant 

impact on market adaptation at a 5% significant level. This underscores the importance of data 

analysis to market adaptation. It will be recalled that the two also shared a significant 

relationship under the correlations analysis. The results support the findings from the studies 

like analyzing data on customer satisfaction and business attributes generally are very 

important for business performance (Chatterjee et al., 2021).  

Secondly, Data analysis result application for decision making (DARADM) has a coefficient 

of 1.660 which is also statistically significant at a 5% level of significance. The result has also 

shown that this aspect of business analytics is very germane to market adaptation. The result 

has shown that application of the result of the data analysis to decision making is the most 

important aspect of business analytics before it can positively influence market adaptation. It 

follows the conclusion from the study of Duan, Cao, & Edwards, (2020) that most of the processes 

and efforts of businesses to improve performance cannot be effective until they allow it to 

influence the decision-making of their organization. It shows that the effectiveness of business 

analytics on market adaptation depends on its utilization for decision-making.  

Other aspects of business analytics that do not have a significant impact but maintain a positive 

relationship with market adaptation are data collection, data utilization, and data management. 

All these aspects of business analytics have been shown by this study not to be as important as 

data analysis and data analysis results application for decision making.  

5. Conclusions and Recommendation  

Findings from the study have underscored the importance of business analytics in market 

adaptation. The results obtained from the study imply that it does not sufficient enough to just 

collect data, utilize and manage it but the most important thing in business analytics before it 

can influence market adaptation positively is that the data must be analyzed and applied to 

taking of important decisions in the organization. There is no point in data collection only if it 

has not been analyzed. Again, there is no point in just managing or utilizing the data analysis 

results if it has not been applied to decision-making in the organization.  

Conclusively, this study has shown that business analytics can only contribute positively to 

market adaptation if the data collected on customer satisfaction, and service deliveries among 

others are analyzed and the results of the analysis are applied for decision-making in the 

organizations in this case in the eCommerce industry. It is therefore recommended that 

entrepreneurs in the eCommerce industry should endeavor to embrace business analytics and 

also make sure the results from it are applied for decision making or else business analytics 

will just be a mere academics exercise and as such constitute an exercise in futility. 

Again, the main challenge encountered by the study during the survey was the inability to know 

and cover the whole organization into online business in Nigeria as there are no such statistics. 

Notwithstanding, the forty samples selected were done randomly in a way that they will be 

near representative of the population.  

Finally, further studies on this subject may attempt to verify the veracity of the findings of this 

study by using some other lines of businesses apart from eCommerce. This will enable readers 

to understand if the discoveries in this research can be generalized for other organizations that 

are not under eCommerce. 
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